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Abstract: Knowledge is recognized as a strategic asset and a critical factor for organizational development 
and competitive advantage in the knowledge economy. All modern organizations should incorporate 
knowledge management (KM) practices, particularly knowledge sharing behavior (KSB). This research 
investigates factors influencing KSB based on planned behavior theory and the technology acceptance model 
in higher education institutes (HEIs) in Jordan. A descriptive analysis approach was applied in the study. A 
questionnaire was designed and distributed to a sample of 500 respondents across the HEIs. The findings 
reveal that intentions positively influence MBA students’ KSB but explain less than 50% of KSB; hence an 
intention-behavior gap is observed. Contextual factors are also identified as significant, namely accreditation 
and HEI culture. No significant effects of knowledge sharing attitude, subjective norms, perceived ease, 
course involvement and perceived usefulness are identified. Perceived risk impacted negatively on students’ 
intentions and KSB. Complex cognitive and behavioral processes between individuals results in knowledge 
sharing. Combining theoretical foundations permits the identification of those features explaining either 
intention or behavior, or both. The extent of the intention-behavior gap indicates further research may focus 
on barriers to converting intentions into actual behavior to support knowledge sharing. 

Keywords: Intention-Behavior Gap; Knowledge Sharing Behavior; Technology Acceptance; Theory of 
Planned Behavior. 

 
1 Introduction 

Knowledge management (KM) plays a critical role in higher education institutions (HEIs) and is a 
valuable tool to meet organizational goals [1, 2]. A primary KM process that impacts its success is 
knowledge sharing (KS). A rich literature on KS links individual-centric knowledge to group 
knowledge generation, identifying KS as vital to creating economic value for organizations [3-5]. 
KS is considered an important factor in both achieving organizational effectiveness and supporting 
high levels of individual innovation [6]. KS facilitates members of an organization to gather, create 
and utilize existing knowledge more rapidly and easily to increase their performance, as well as 
creating new ideas for innovating collectively [7, 8]. At the organizational level KS plays an 
important role in developing employee and organizational capabilities, as well as helping to create a 
competitive advantage and assisting organizational innovation [3, 9]. The majority of previous 
studies have investigated the behavior, attitudes, and intentions of academics toward knowledge 
sharing [10, 11]. Within these contexts, this research examines the KS intentions and behaviors of 
practitioner-students to increase understanding of drivers of KS from both input (intentional) and 
output (behavioral) perspectives. 
Knowledge sharing behavior (KSB) enhances mutual learning, promotes best practices, reduces 
operational costs of redundant learning, creates new knowledge and greater organizational problem-
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solving capacity, accelerates organizational innovation, and increases organizational productivity 
[12, 13]. KSB can be identified as the transfer of useful information and particular knowledge, 
know-how on working together, problem-solving, policy implementation or the development of 
new ideas, unique skills, and expertise between members across organization lines [14]. This aligns 
with the definition of KS as encompassing knowledge acquisition, documentation, transfer, 
construction, application, contribution, and gathering [15]. In brief, it is the degree to which each 
individual conducts knowledge sharing activities in ways that permit others to readily understand, 
absorb, and employ knowledge [16]. 
Thus, a major challenge in managing knowledge involves motivating individuals to share 
knowledge with others as some may dislike knowledge sharing – seeing it as problematic in 
retaining a competitive edge or advantage [17]. Hence KS can be difficult if individuals do not 
recognize that it confers benefits or if perceived benefits are lost to others [1, 18]. Of course, 
management support for knowledge sharing behavior (KSB) may be demonstrated by emphasizing 
‘lessons learned’ from sharing instead of ‘mistakes made’ [19] or by providing support through 
bonuses and resources, so that elements of organizational culture may encourage KS [20].  Human 
resource practices and trust in supervisors can play pivotal roles in promoting KSB [21]. A role for 
broader contextual, or environmental, factors in individuals’ KS intention and behavior is, therefore, 
also worthy of attention. [22] and [23] identified that sectoral and professional background, the 
status of respondents and varying geographies offered insights into the drivers of KS relevant to 
understanding and differentiating their impacts.   
This study examines both KS intentions and behaviors to increase understanding of the drivers of 
KS from both input (intentional) and output (behavioral) perspectives. In line with Cheng [24] we 
appeal to two complementary theories: the Theory of Planned Behavior (TPB) and the Technology 
Acceptance Model (TAM), often presented as competing theories [25]. Our research contributes to 
current understanding firstly by identifying elements from both TPB and TAM that explain not only 
KS intention (a mediating variable) but also the dependent variable of KS behavior. The specific 
context considered is online MBA (Master of Business Administration) programs across higher 
educational institutions (HEIs) in Jordan, which we use to measure students’ intentions to share 
knowledge within their cohort and their subsequent reported KS behavior. Given the students’ 
context, we chose also to include contextual variables relating to the institutional background of the 
HEIs. Identification of factors, suggested from the TPB and TAM, that explain KS in a focused 
online only environment can assist educators to design and implement targeted and effective 
strategies, representing one contribution of this study. In addition, we also highlight the intention-
behavior gap (identified in [26]) and point to difficulties inherent in delivering on desired behavior 
– even when individuals intend to engage in a behavior and are committed to change. It is a well 
cited finding that most intentions to change behavior end in failure [27] and studies that focus only 
on explaining intentions tell a partial story. Our findings of a large gap points to challenges for 
educational, organizational, and ultimately innovation-based developments that rely on KS. 
2 Theoretical Background: Knowledge, Knowledge Sharing, and the Theory of Planned 
Behavior 

The Theory of Planned Behavior (TPB) [28] was developed from the Theory of Reasoned Action 
[29]. [30] outlined TPB as an extension of the theory of reasoned action which adds an additional 
construct, namely perceived behavioral control, or personal agency, to the TRA inclusions of 
individual attitude and subjective norm [31]. As [28] outlined, individual attitude relates to an 
individual’s positive or negative feelings towards an intention or behavior, while subjective norms 
relate to an individual’s perception of their peers’ considerations of a specific intention or behavior 
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and the individual’s perceived need to conform. Perceived behavioral control encompasses the 
perceived ease, or difficulty, of performing a behavior, or intending to do so. 
TPB aims to explain the factors influencing an individual’s intention to perform a particular 
behavior. Thus, an individual’s attitude towards an act, their subjective norms, and perceived 
control are indirectly linked to behavior: the link is made via individual intention (see Figure 1). 
Accordingly, the intention to share knowledge, the focus of this research, feeds into observed 
behavior. 

 

 

 

 

 

   

 

Fig. 1. Theory of Planned Knowledge Sharing Behavior 

Subjective norms have been identified as important in KS. A positive organizational environment 
can affect the formation of subjective norms, which may in turn impact the individual’s intention 
toward KS. For example, [32] found that managers’ intention of encouragement was positively 
related to employees’ knowledge sharing behaviors. Attitudes including job satisfaction and 
organizational commitment have been identified as fostering KS [33]. [34] extended the TPB 
approach to include both moral norms and descriptive norms that encompass beliefs, intentions, and 
behaviors. [35] confirmed that both past behavior and descriptive norms make distinct contributions 
to the prediction of intention. [36] identified that situation- and issue-specific motivations were 
direct constructs determining behavior and found they explained just less than half (49%) of 
variance in purchase intention (of green products). Similarly, [37] considered that TPB assisted in 
forecasting and recognizing environmental and individual factors affecting behavior.  
A diverse range of factors have been identified as determinants of knowledge sharing, including 
cognitive factors, community technological factors, self-efficacy, topic richness, personalized 
recommendation, and social interactivity [38]. These features not only serve as influences on users’ 
knowledge sharing and integration behavior, but also exert influences on knowledge quality. The 
essential factors on which KS relies have been identified as motivation and social environment [39]. 
KSB has also been influenced positively by factors such as the nature of knowledge, opportunities 
to share, and working culture [15]. [40] highlighted five separate aspects that support KS, namely 
interpersonal and team characteristics, cultural characteristics, individual characteristics, and 
motivations. Determinants of individuals’ willingness to share knowledge include costs and 
benefits, incentive systems, extrinsic and intrinsic motivation, organization climate, and 
championing by management [41, 42]. Furthermore, [43] found the norm of reciprocity was 
positively associated with individuals’ KS, although [42] identified a negative relationship.   
Recent application of TPB to the education context has argued its usefulness in terms of how to 
better motivate and predict student classroom communication, where such research has tended to 
focus on perceptions of intention only, rather than on behavior [44]. There has been broad 
agreement that TPB offers a useful theoretical underpinning in developing tools for data collection 
[45].   
Focusing on the organizational level, [46] referenced and validated a set of factors anticipated to 
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affect knowledge sharing, including perceived consequences, effects, social factors and facilitating 
conditions. The analysis in [47] identified organizational memory playing an intermediary role in 
the impact of KS on empowerment of human resources, pointing to the importance of strong culture 
in generating effective KS. 
This literature also includes a category of broad environmental factors affecting KS [40] such as 
organizational context (management support, rewards, motivations, organizational structure); 
interpersonal and team characteristics and processes (diversity, social networks, team development 
stage); and cultural characteristics (collectivism, in-group/out-group). Similarly, [20] claimed that 
KS behaviors are influenced by organizational culture (represented as trial and innovation, 
cooperation and trust, fairness, social network, open-minded participation); perceived behavior 
control (facilitating environment, self-efficacy); and KS attitude (self-worth, symbol of power, 
expected return). 
Contextual features of relevance here include the quality of programs and institutions which our 
respondents experience. Accreditation processes emphasize excellence and are a preferred method 
in engaging in process improvement to achieve ongoing assurance of quality in provision and 
embedding such a quality mindset in educational institutions [48, 49]. For example, openness to 
external relationships and knowledge and integrating best practice from such external links is 
integral to accreditation, often requiring substantial organizational cultural change for some 
institutions [50]. 
More recently, KS development has exhibited substantial alteration through the introduction of Web 
2.0 [51,52] that facilitates collaboration via technologically enabled social interactions. [38] 
demonstrated the synergistic influence between individuals and technology in knowledge co-
creation, focusing on the importance of co-creation and content quality in online societies. For this 
reason, it is useful to extend the theoretical focus to include consideration of the Technology 
Acceptance Model (TAM) as knowledge sharing requires not only willingness and openness to 
sharing (related to intention), but also capacities for engaging in knowledge sharing activities via 
technologies. 
2.1. Knowledge Sharing, Planned Behavior and Technology Acceptance 
The essential determinants of technology acceptance within the TAM are two-fold: perceived 
usefulness or impact of the technology and its perceived ease of use ([53] focuses on information 
systems acceptance). Hence, if a user expects benefits from a technology – in terms of their 
individual performance – this enhances their likelihood of accepting it. The effort required to use 
the technology is the second important determinant of its acceptance. This implies that even where 
users expect to enjoy benefits from technology, if benefits are outweighed by the efforts required to 
employ it, the technology will not be adopted. In empirical measurement, the TAM has been 
extended to include subjective norms [54], but the role of attitude has been largely neglected. 
Research that brings TPB and TAM together proposes a unified theory of acceptance and use of 
technology (UTAUT) [55] to fill this gap. Both usefulness and effort determinants were considered 
to contribute to an individual’s attitude to using technology i.e., supporting or hindering their 
intention to use it, feeding ultimately into the actual use of a technology. [56] indicated that users’ 
perceived value of a behavior was significantly affected by perceived benefits (positive) and risks 
(negative). Additional factors facilitating the use of technology focusing on social features were 
included in UTAUT to include social relations that support organized knowledge sharing. 
Intentions to share knowledge evident, for example, in commitments to online education, 
presuppose certain capacities to exploit technology for the purposes of learning. Whether these are 
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used for more general KS, however, is an open question. In light of these considerations our 
selected research model extends the standard TPB approach with relevant contextual features and 
elements of the TAM, as outlined in Figure 2. With reference to two important theories, TPB and 
TAM, our focus on knowledge sharing behavior identifies student intention as an essential 
determinant of students’ actual behavior. 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig. 2. Research Model: Knowledge Sharing Determinants informed by Theories of Planned Behavior and Technology 
Acceptance 

3 Research Hypotheses, Design, and Methods 

A set of hypotheses are considered here as the extent of statistically significant relationships are 
tested between each of the nine independent variables, our mediating variable – KS intention – and 
the dependent variable, KS behavior. Our focus is on improving understanding of the most 
important factors influencing KS intention and KS behavior, and how KS intention mediates 
between the explanatory variables and behavior. Such analyses serve to determine the validity of 
TPB, TAM and our selected context variables in KSB 
A deductive approach was selected for this research because the data collected allow the researcher 
to answer the research questions, identify the main factors, and describe the influence of these 
factors influencing the behavior towards sharing knowledge. It also allows for testing the research 
hypotheses [57]. The design was quantitative because the data collected took a numerical form. 
That is, by employing a deductive approach with a quantitative data-collection method, the research 
focuses on measuring and analyzing the relationship between influencing factors and student 
intention to share knowledge. A survey strategy was implemented as it yields many advantages: it is 
flexible, useful for the discovery of new insights as well as for pointing out typical responses, can 
be applied to many people and provides data about the present, as well as what students are 
thinking, doing, and expecting [58]. 
In line with related literature, the scales employed in the survey of attitude towards KSB, perceived 
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behavioral control, subjective norms and KS intention were adapted from [59-61] The self-efficacy 
scale used was adopted from [62].  
The research population included all online, distance-learning MBA students in Jordan. The 
research proposal was reviewed by a university scientific committee which provided ethical 
approval. In view of time and cost constraints, as well as the unavailability of a complete list of 
students, convenience sampling was used to collect data. The appropriate sample size was selected 
to make generalizations with confidence about the constructs under investigation.  For factor 
analysis, the minimum sample size should be at least five times as many observations as the number 
of variables to be analyzed [63]. In all, 44 separate question items are included for analysis in this 
study, hence a target of 220 usable questionnaires was required.  Moreover, [64:198] recommend 
that “minimum sample size for quantitative consumer surveys are of the order of 300 to 500 
respondents”.  
Through one of the author’s close networks, contact was made with MBA online cohorts across 
universities in Jordan. Of 550 potential survey responses received 498 were reviewed as suitable 
(i.e., completed in full) and were deemed valid for inclusion in the analysis.  

4 Data Analysis and Findings 

Cronbach’s Alpha is the most widely used measure of scale reliability. Higher coefficient alphas are 
associated with scales that have more items and higher inter-item correlations, and it has been 
suggested that an alpha coefficient of .70 or greater demonstrates sufficient reliability of a survey 
scale [65]. The measured alphas are provided in Table 1, indicating that all may be considered 
reliable. 

Table 1: Cronbach’s Alpha for the Scales 
Dependent variables No. of observations No.  of items Cronbach’s alpha 
Knowledge Sharing Attitude 492 4 0.737 
Subjective Norms 492 4 0.734 
Perceived Behavior Control 492 4 0.819 
Perceived Usefulness 492 4 0.718 
Perceived Ease of Use 492 4 0.768 
Perceived Risk 492 4 0.764 
Knowledge Sharing Intention of Online 492 4 0.810 
Higher Education Institutions’ Culture 492 4 0.747 
Accreditation Criteria 492 4 0.802 
Course Involvement 492 4 0.786 

Construct validity was examined by calculating the correlation of item-to-total, with results 
provided in Table 2. Correlations of item-to-total were measured between 0.543 and 0.909.  Since 
all measures exceeded 0.5 and were statistically significant, the results confirmed that each 
dimension demonstrated properties of sound validity. 

Table 2: Test of Construct Validity 
Factor Item Sig. (2-tailed) Correlation of item-to-total 
Accreditation Criteria AC1 .000 .787** 

AC2 .000 .848** 
AC3 .000 .836** 
AC4 .000 .708** 

Knowledge Sharing   
Attitude 

KSA1 .000 .848** 
KSA2 .000 .830** 
KSA3 .000 .831** 
KSA4 .000 .543** 

Perceived Behavior PBC1 .000 .843** 
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Control PBC2 .000 .817** 
PBC3 .000 .811** 
PBC4 .000 .751** 

Course Involvement   CI1 .000 .779** 
CI2 .000 .834** 
CI3 .000 .825** 
CI4 .000 .703** 

Higher Education 
Institutions’ Culture 

HEIC1 .000 .871** 
HEIC2 .000 .901** 
HEIC3 .000 .865** 
HEIC4 .000 .873** 

Subjective Norms SN1 .000 .728** 
SN2 .000 .811** 
SN3 .000 .787** 
SN4 .000 .718** 

Perceived Risk PR1 .000 .719** 
PR2 .000 .801** 
PR3 .000 .909** 
PR4 .000 .643** 

Perceived Usefulness PU1 .000 .847** 
PU2 .000 .739** 
PU3 .000 .835** 
PU4 .000 .585** 

Perceived Ease of Use PEU1 .000 .773** 
PEU2 .000 .773** 
PEU3 .000 .789** 
PEU4 .000 .782** 

Knowledge Sharing 
Intention of Students 

KSIO1 .000 .780** 
KSIO2 .000 .757** 
KSIO3 .000 .837** 
KSIO4 .000 .825** 

Knowledge Sharing 
Behavior of Students 

KSBO1 .000 .700** 
KSBO2 .000 .715** 
KSBO3 .000 .806** 
KSBO4 .000 .817** 

**: Correlation is significant at the 0.01 level (2-tailed). 

Skewness and kurtosis indicate the distribution of data and can detect non-normal distributions, 
which may invalidate findings. [66] argued that extreme non-normality is defined by skewness 
index values greater than 3.0 and kurtosis values greater than 21.0.  Measures for data collected in 
this study are provided in Table 3. With measured values here for skewness between -2.20 and 
0.337 and kurtosis from 1.207 to 5.082, a normal distribution of data is identified. 

Table 3: Skewness and Kurtosis Coefficients 
The variables Skewness kurtosis 
Accreditation Criteria -1.956 3.377 
Knowledge Sharing Attitude -.782 -.404 
Perceived Behavior Control -1.966 3.311 
Course Involvement   -1.199 4.377 
Higher Education Institutions’ Culture -.474 -.791 
Subjective Norms -2.200 5.082 
Perceived Risk .337 -1.207 
Perceived Usefulness -1.448 1.288 
Perceived Ease of Use -1.501 1.960 
Knowledge Sharing Intention of Students -1.507 1.469 
Knowledge Sharing Behavior of Students -1.526 1.876 
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In addition, the variance inflation factor (VIF) was used to consider multicollinearity, i.e., 
correlation between the independent variables that, if serious, increases the variances of the 
coefficient estimates and may imply they are unstable. The results indicate that the data are within 
recommended guidelines (a maximum of 10 for the variance inflation factor and a minimum of 0.10 
for the tolerance, following [67]; see Table 4. 

Table 4: Tolerance, VIF Test 
Dimensions Tolerance VIF (Variation Inflation Factor) 
Accreditation Criteria .963 1.038 
Knowledge Sharing Attitude .625 1.601 
Perceived Behavior Control .847 1.180 
Course Involvement   .991 1.009 
Higher Education Institutions’ Culture .583 1.715 
Subjective Norms .953 1.049 
Perceived Risk .930 1.075 
Perceived Usefulness .909 1.101 
Perceived Ease of Use .948 1.055 
Subjective Norms .953 1.049 
Perceived Risk .930 1.075 
Perceived Usefulness .909 1.101 
Perceived Ease of Use .948 1.055 

The Durbin–Watson covariance of our model is 1.315, see Table 5.  

Table 5: Analysis of Variances 
Model Sum of 

Squares 
df Mean Square F Sig. R Square R Durbin-

Watson 
 Regression 112,633 9 12,515 29,597 ,000 ,343 ,597 1,315 

Residual 203,805 482 ,423      
Total 316,437 491       

As a rule of thumb, the value of Durbin-Watson is close to 2 if the errors are uncorrelated, 
indicating no serious autocorrelation [68]. The measured R-square of 0.34 signifies that 34.3% of 
the variance in students’ intentions towards knowledge sharing behavior is explained by changes in 
our variables of accreditation criteria, knowledge sharing attitude, perceived behavior control, 
course involvement, higher education institutions’ culture, subjective norms, perceived risk, 
perceived usefulness, and perceived ease of use. The p-value of the model is 0.000 and it is < 0.05, 
indicating that our model is statistically significant.  Details of the coefficient estimates from our 
multiple regression model are provided in Table 6, which includes our independent variables in the 
context of explaining students’ KS intentions. 
Analysis based on Table 6 allows us to consider the importance of TPB, TAM and the context for 
knowledge sharing intentions. 

Table 6: Determinants of Knowledge Sharing Intentions 
Determinants of Knowledge Sharing 

Intentions 
Unstandardized 

Coefficients 
Standardized 
Coefficients T Significance (2-

tailed) 
 B Std. Error Beta   

Constant 0.199 0.416  0.479 0.632 
Knowledge Sharing Attitude 0.430 0.046 0.044 0.945 0.345 
Subjective Norms 0.740 0.045 0.062* 1.658 0.098 
Perceived Behavior Control 0.107 0.040 ***0.107  2.695 0.007 
Perceived Usefulness 0.036 0.035 0.039 1.012 0.312 
Perceived Ease of Use 0.013 0.035 0.014 0.368 0.713 
Perceived Risk 0.115-  0.032 -0.138*** -3.65 0.000 
Higher Ed. Institution’s Culture 0.282 0.049 ***0.275  5.736 0.000 
Accreditation Criteria 0.420 0.041 ***0.380  10.198 0.000 
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Course Involvement 0.022 0.064 0.013 0.344 0.991 
Note: *** denotes 1% significance; ** denotes 5% significance; * denotes 10% significance  

 

From the theory of planned behavior, perceived behavior control was statistically significant (at 5% 
level) in explaining intentions to share knowledge. Subjective norms are significant (at 10% level), 
while knowledge sharing attitude is not significant. 
Of the three variables relating to TAM, one was statistically significant. In this case perceived risk 
was highly significant (1%) while perceived usefulness and perceived ease of use were 
insignificant. The negative sign indicates, as would be expected, that perception of risk reduces 
intentions to share knowledge. 
Of our added context variables, two were estimated as significant, both at 1%, and display the 
highest coefficients across the variables included in this analysis. Accreditation criteria and HEI 
culture have significant effects on students’ knowledge sharing intentions, but course involvement 
was insignificant. 
The next step in our analysis is to examine knowledge sharing behavior (KSB) and consider the 
effect of our mediating variable. We examined the determinants of KSB in an initial model that 
excludes intentions to share knowledge. In further estimation we included the mediating variable to 
consider any impacts on KSB. In Table 7 we provide the analysis of variance output from both 
estimates. We considered the differences in observed effects between the two models, identifying 
that the differences observed are unlikely to be due to random chance. 

Table 7: Analysis of Variance 
Model Sum of 

Squares 
df Mean 

Square 
F Sig. R 

Square 
R R 

Square 
Change 

F 
Change 

Durbin-
Watson 

1 Regression 151.49 9 16.832 81.84 0.00 0.60 0.78 - -  
Residual 99.12 482 0.206        
Total 250.62 491         

2 Regression 187.47 10 18.746 142.77 0.00 0.75 0.87 0.15 273.97 1.73 
Residual 63.16 481 0.131        
Total 250.62 491         

 

Direct impacts of our selected independent variables on students’ KSB are evident in Model 1 
estimates (excluding the mediating variable). Approximately 60% of variance in KSB is explained 
by the independent variables (R-square 0.60). In Model 2, indirect effects of the independent 
variables are measured on KSB, mediated through intentions. A higher share of variance (75%) is 
explained by Model 2, evident in the R-square of 0.75. 
The measured increase in explained variance indicates a contributing role for the mediating variable 
(intentions) in understanding knowledge sharing behavior. We examine both models in further 
detail in Table 8. 
Table 8: Determinants of Knowledge Sharing Behavior: Unmediated (1) and Mediated (2) by Knowledge Sharing 
Intentions 

KS Behavior Unstandardized 
Coefficients 

Standardized 
Coefficients 

T Sig. (2-
tailed) 

B Std. Error Beta 
 
 
 
 

Constant -.070 .290  -.240 .811 
Knowledge Sharing Attitude .034 .032 .039 1.067 .286 
Subjective Norms .032 .031 .030 1.022 .307 
Perceived Behavior Control .087 .028 .099*** 3.166 .002 
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1 

Perceived Usefulness .009 .025 .011 .355 .723 
Perceived Ease of Use -,038 .025 -.046 -1.547 .123 
Perceived Risk -.043 .022 -.059** -1.973 .049 
Higher Ed. Institutions’ Culture .363 .034 .397*** 10.575 .000 
Accreditation Criteria .535 .029 .543*** 18.613 .000 
Course Involvement   .014 .045 .009 .309 .757 

 
 
 
 
 
 
2 
 

Constant -.153 .232  -.660 .509 
Knowledge Sharing Attitude .016 .025 .018 .623 .534 
Subjective Norms .001 .025 .001 .030 .976 
Perceived Behavior Control .044 .022 .050** 1.996 .046 
Perceived Usefulness -.006 .020 -.008 -.319 .750 
Perceived Ease of Use .005 .018 .007 .279 .781 
Perceived Risk -.044 .020 -.052** -2.213 .027 
Higher Ed. Institutions’ Culture .245 .028 .267*** 8.621 .000 
Accreditation Criteria .358 .025 .364*** 14.154 .000 
Course Involvement   .005 .036 .003 .127 .899 
Knowledge Sharing Intentions .420 .025 .472*** 16.552 .000 

Note: *** denotes 1% significance; ** denotes 5% significance; * denotes 10% significance  

There is much similarity between our results for determinants of intentions (Table 6) and 
determinants of Behavior (Model 1 in Table 8). All variables estimated with statistical significance 
in Table 6 (perceived behavior control, perceived risk, HEI culture, accreditation criteria), with the 
exception of subjective norms (significant at 10% in Table 6) are also identified as statistically 
significant in Table 8.  In moving from intention to behavior, peers’ expectations are no longer 
statistically significant, while others’ expectations no longer matter. The relative size of coefficients 
on statistically significant variables is generally similar to those in Table 6. However, in the case of 
perceived risk as a determinant of KSB, the measured impact is considerably less than that 
measured for intentions (a reduction of approximately 60%). 
These results indicate that perceived risks are a stronger negative determinant of intentions to share 
knowledge relative to actual knowledge sharing behavior (comparing coefficients of -1.38 in Table 
6 to -0.06 in Table 8). Respondents’ fears were greater in relation to their intentions, than their 
actual behavior. 
The results of our second model provided in Table 8 indicate the impact of the mediating variable 
on KSB. Consistent with Model 1 (and Table 6), the set of statistically significant variables does not 
change with the inclusion of the mediating variable of knowledge sharing intentions. Not only is the 
effect of intentions significant, but its coefficient at 0.47 is larger than for any of the other 
significant variables. The size of the impacts of all remaining significant variables is lower in Model 
2 relative to Model 1. 
5 Discussion 

Knowledge sharing activities are fundamental to organizational life, team performance and business 
development [69, 70]. Conditions that serve to improve these activities are important for supporting 
economic growth. Our investigation of knowledge sharing intentions and knowledge sharing 
behaviors among MBA students across Jordan generates several interesting findings in our 
consideration of elements from a set of different theoretical approaches.   
The underlying research model developed, based on theories of planned behavior and technology 
acceptance, includes factors that impact on intentions for knowledge sharing and ultimately on 
knowledge sharing behaviors. Our findings indicate support for an integrative focus of research that 
includes both the Theory of Planned Behavior and the Theory of Technology Acceptance. A focus 
only on the Theory of Planned Behavior, and its component elements, would greatly limit 
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understanding of KSB both directly and indirectly, i.e., mediated by intentions for knowledge 
sharing. By supplementing TPB with TAM we add to the understanding of the determinants of 
KSB. In the case of KS, because of its role in team success the limited evidence of the role of 
individual-level factors in our results for both KS intentions and behavior in educational settings is 
notable. Individual success in education would not be predicated on keeping knowledge at an 
individual level and in fact an emphasis in many online offerings highlight the benefits of 
teamwork, building group collaboration into the fabric of the offerings, simulating the modern 
working environment [71]. It may be the case across the groups included in our analyses that their 
ties with peer-group members are simply not sufficiently strong for the potential of others’ attitudes 
to knowledge sharing to have any impact on individual responses to subjective norms to influence 
behavioral intention or behavior itself. 
In our analyses of determinants of intentions for knowledge sharing, external (social) rather than 
individual behavioral or intrinsic factors were estimated to have greater impacts, relative to 
individual beliefs and attitudes (TPB and TAM determinants). From an organizational perspective, 
this finding is useful as individual attitudes and norms can be more difficult to change than tools 
and systems that support knowledge sharing, assuming necessary resourcing is available. However, 
such systems are not directly considered in our sample – cultural features and students’ experience 
of accreditation requirements represent external validations that act to positively influence students’ 
intentions and behavior around knowledge sharing. 
Our measure of accreditation criteria has a robust effect on MBA students’ intentions towards 
knowledge sharing behavior (Table 6: coefficient 0.38) and also, ultimately, on behavior (Table 8: 
coefficient 0.36). Accreditation criteria appear to serve as an important indicator of educational 
effectiveness and assurance of quality. The experiences of students are directly impacted by 
accreditation through, for example, assurances of learning processes that demand input from 
external stakeholders and students, sometimes jointly, on program impacts. As a measure it signals 
the extent to which students have trust in their distance learning MBA program and exerts positive 
influence on knowledge sharing intentions, leading in turn to substantial impacts for knowledge 
sharing behavior. Similarly, features of HEI culture exert positive, and similar, impacts on both 
intentions and KSB (0.28 in Table 6 and 0.27 in Table 8). These factors provide indications of the 
educational climate experienced by the respondents which is conducive to knowledge sharing. The 
factors influence KSB directly – but do not appear to generate indirect effects via subjective norms 
as found in Bock et al, [32]. 
In psychology research, studies indicate that intentions are “translated into action approximately 
one-half of the time” [72:511]. Our research aligns with such findings, although we note the weight 
in such research on psychological explanations that fail to account for system-wide or 
organizational explanations. In fact, the need to investigate both intention (evident in self-reported 
perceptions) and behavior is clear from the gap estimated that raises challenges around 
incentivizing and encouraging the sharing of knowledge for mutual and organizational benefit. A 
focus on psychological aspects only also limits an understanding of determinants of both intention 
and behavior.  
Of note across the findings is the significance of the identified (expected) negative impact on the 
behavioral variable of perceived risk on both intentions and KSB. An expectation of potential 
‘costs’ associated with knowledge sharing are reflected in our estimate of perceived risk. Perceived 
risk may include perceptions around electronic piracy and the spread of electronic crime, with such 
dangers negatively influencing students’ intentions towards knowledge sharing intention and 
knowledge sharing behavior. Our findings indicate how this perception is reduced with experience 
of online education, which may indicate that experience can in and of itself mitigate some concerns 
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about knowledge sharing, without eliminating them entirely. Designers and users of online 
education programs might need to explicitly address this issue with students and integrate measures 
that may further mitigate this fear factor for users. Although the coefficients are highly statistically 
significant, however, the impact of this variable remains relatively low across our estimations with a 
larger impact as a determinant of intentions, in comparison to behavior. 
Our analyses support the rationale to separate out the impacts of intentions on behavior and to treat 
intentions as a mediating variable for behavior in relation to KSB. This aligns with the separation in 
economics of stated and revealed preferences where often individuals espouse a preference for one 
outcome (or product) but choose an alternative in their enacted behavior. Our estimates indicate that 
KSB would increase by 4.7% for every 10% increase in students’ intentions to share knowledge, the 
strongest of all relationships observed (see Table 8). Insofar as KSB is concerned, therefore, 
individual intentions towards knowledge sharing are important as encompassed in this variable 
rather than via the six separate TPB and TAM variables.   
The research results indicate that knowledge sharing intention positively influences MBA students 
to apply knowledge sharing behavior, because the intention is an important factor for knowledge 
sharing. These results confirm the argument that the students were aware of the use of information 
technology for knowledge sharing.  
There is no significant effect of knowledge sharing attitude on MBA students’ intentions towards 
knowledge sharing behavior. This result goes against the argument of [73]. The researcher justifies 
this result by arguing that it is difficult to understand the objectives and opportunities of knowledge 
sharing before the act of sharing knowledge, and educational institutions do not motivate students to 
think about knowledge sharing. This leads to students being unable to accurately determine their 
knowledge sharing attitude, and this ambiguity causes the lack of a significant effect of knowledge 
sharing attitude on knowledge sharing behavior.  
Perceived behavior control negatively impacts MBA students’ intentions towards knowledge 
sharing behavior. This result is in alignment with [74]. This fact occurs because students 
comprehend all internal and external constraints that can appear in distance learning, and can 
overcome these constraints with difficulty. As a result, perceived behavior control has a negative 
effect on the intentions towards knowledge sharing and knowledge sharing behavior. 
Course involvement has no significant effect on MBA students’ intentions towards knowledge 
sharing behavior. This result is different from the result referred to in [75]. This result is justified as 
distance learning is a new type of education in Jordan. It may be that the effect of course 
involvement on knowledge sharing will become apparent over the long term, but currently 
Jordanian universities have not had the experience to activate the positive role of this factor in 
knowledge sharing. 
Higher Education Institutions’ culture has a significant effect on MBA students’ intentions towards 
knowledge sharing behavior because educational institutions encourage their students to share 
knowledge. These institutions believe that distance learning is an indicator of high education 
quality, and they use positive customs and values to reinforce MBA students’ intentions towards 
knowledge sharing behavior. This result agrees with [76]. 
Subjective norms have no significant effect on MBA students’ intentions towards knowledge 
sharing behavior. This result is different from [77]. The researcher sees that distance learning is a 
new type of education in Jordanian universities, and students do not have accurate subjective beliefs 
yet in relation to distance learning. This leads to subjective norms having no impact on knowledge 
sharing intentions. On the other hand, knowledge sharing intention is an important element of 
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successful distance learning and it should not be influenced by subjective norms. Instead, it should 
be tracking objective norms.   
Perceived usefulness has no significant effect on MBA students’ intentions towards knowledge 
sharing behavior. This result goes against the argument of [78]. The researcher believes that 
students cannot know the real benefit of knowledge sharing in distance learning only after using 
distance learning, and after camper between benefits achieved through knowledge sharing in this 
type of education and benefits achieved through traditional education.  
Perceived ease of use has no significant effect on MBA students’ intentions towards knowledge 
sharing behavior and knowledge sharing behavior. This result disagrees with [78]. It is argued that 
MBA students’ intentions towards knowledge sharing behavior are not linked to perceived ease of 
use because Jordanian students are used to using information and communications technology, and 
it can be argued that using distance learning for students is self-evident. 
Our research identifies the gap between intention and behavior and further research is necessary to 
identify reasons for the failure to convert intentions into actions. Sharing understandings of the 
important role for KSB in organizational and economic outcomes might be required to address this 
gap and indicate how central knowledge sharing is for social impact. Further integrating shared and 
group activities into online education demands specific assessment approaches. Assessing both 
product (quantity and quality of individual contributions) and process (evaluating individual 
teamwork skills and interaction) elements does not come without challenges and a substantial 
literature engages with these [79 provides an overview]. 
In terms of the limitations of our study, the selected geography and sample point to potential issues 
of generalizability and difficulties in applying the findings to other contexts or cultures. In addition 
to the specific location of Jordan selected for the research, the context chosen for the study may 
indicate self-selection within our sample of online MBA students.  These cohorts are likely to 
experience relative ease in virtual interactions, and ongoing commitment to and engagement in 
online infrastructural and educational support. Their preference to engage in online education would 
demand demonstrated capacities or abilities in technological ability that may well exceed those of 
samples from other organizations or more general contexts. While this raises generalizability 
concerns and points to the usefulness of conducting research in other locations and contexts, the 
similarity in the context of MBA students’ experiences serve to increase our confidence in the 
reliability of the results generated. Comparisons of similar research in other contexts would be 
informative.  
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